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1. Problem

* Browsing event images in a structured way Is a
manual, laborious task

3. Previous Approaches

Social image
clustering into
unique events

GPS tags and J &) Text, GPS and
timestamps timestamps
(Rafailidis et al.) (Becker et al.)
Timestamps and J &) GPS tags, text
late fusion and timestamps
(Nguyen et al.) (Reuter and
Cimiano)

* Visual features sparingly used

« When used, always used with pre-
formed clusters, formed using
text/metadata

2. Soclal Event Clustering
* One way to solve the above problem is:

4. Our Research Question

Do they trelp?
To what extent?

Social image <:D

timestamps || clustering into | <1 | titles/desc

unique events
GPS tags

usernames dates
—>

Given a set of images with minimal text and
metadata information. What is the best
clustering score that can be obtained with
such images?

5. Our Approach
« Compute visual & textual features

« Transform the two feature sets via
kernel canonical correlation analysis
(KCCA)

 k-means in the reduced space

/. Experimental Results
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' Sydney’

useful?

* Cluster 300,000 images from the

dataset using all possible text or
metadata combinations

« Evaluate our result using NMI
N difference =

7.1 Which metadata is most
Feature combinations NMI
dates + tags 0. 7137
descriptions + tags 0.8439
tags + usernames 0.8509
tags + titles 0.8411
SIFT + tags 0.8266

0.0243
/
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Learned space fewer dimensions

No Initial clusters using any metadata
 Assume minimal metadata availability

7.2 Visual Feature Analysis

Analysis of color descriptors on clustering event [ )

images
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Analyze which visual feature

combination yields the best

clustering score

« RGB-SIFT, CSIFT, RG-SIFT
and RGB-Histogram combined
with tags

 RGB-SIFT wins!

6. Dataset _ _
*Social Event Detection Dataset by MediaEval2013/2014

-~ 350k publicly shared Flickr images of events

Image titles, descriptions, usernames, tags, dates and
timestamps

*Ground truth cluster ids with each image

/.3 Tags or Usernames??

« Which non-visual feature
contributes most to
clustering score?

Choosing between tags and usernames -
analysis on 300k images

Descriptors

7 4 Adding Spatial Context

Compal n between BoW and Spatial Pyramids

Spatial Pyramids on o
top of Bow
120k training images ...
 Vocabulary size 1024
e Spatial pyramids of 2
levels.

eeeeeeeeeeeeee

RGE-S+L

RGE-S + [LI+T]

RGE-3+T

S+T

S+l

NI

8. Conclusion and Future Work

Visual features still lag behind text and metadata
combination for producing unique social event clusters
The difference between the two scores (0.12) is promising
Plan to refine the dataset and simplify this problem




